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In this Supplementary Material, we present the following items:

(i) Additional examples from our VidChapters-7M dataset (Section A).

(ii) Qualitative examples of video chapter generation and dense video caption prediction (Sec-
tion B).

(iii) Additional data analysis of our VidChapters-7M dataset (Section C).

(iv) Additional implementation details (Section D).

(v) Video chapter generation results split by language (Section E).

(vi) A datasheet [2] for VidChapters-7M (Section F). Note that in this datasheet, the hosting,
licensing, and maintenance plan of VidChapters-7M is presented.

Note that our code, models and the VidChapters-7M dataset can be found on our website [1].

A Additional examples from VidChapters-7M

In Figure 1, we provide additional examples that complement Figure 1 of the main paper. These
examples illustrate the diversity of the data in VidChapters-7M, e.g., our dataset includes review
videos, cooking videos, clothing fitting videos, ASMR videos, and videos of conversations. These
examples also show the multi-modal nature of the chapter data. Indeed, chapters depict visual events
(e.g., the mini chicken burgers that appear in the second video), conversations (see the last video), or
events in the raw audio (e.g., the sound of the crinkly plastic bag in the penultimate video) in various
scenarios.

B Qualitative examples of video chapter generation and dense video caption
prediction

We present qualitative results for video chapter generation and dense video captioning in Figures 2
and 3. Compared with the speech-only model, a key advantage of the speech+visual video chapter
generation model is that it can generalize to videos that do not have ASR input, as shown in the first
example of Figure 2. Compared with the visual-only variant, the multi-modal model can also benefit
from speech cues, as seen in the second example in Figure 2. Moreover, we observe that the dense
video captioning model pretrained on VidChapters-7M is more accurate and hallucinates less than
the variant not pretrained on VidChapters-7M, see Figure 3.
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How work has changed 
during quarantine

Benefits of recording 
your training Hip mobility Turning being in quarantine 

to a positive thing
Training fundamentals 
and body weight training

…

… yeah yeah oh it's 
just easier for them to 
like do it on their own 
time um and then if 
they need me they just 
send me videos of it …

For me, working with 
the tennis players, 
getting to record their 
stuff has been one of 
the biggest 
improvements to my 
coaching. …

obviously I'm not as 
active as I was before 
…

I find is that my hips 
have been getting pretty 
tight…

… How can I turn that 
from like a negative of 
missing my sport and 
not being able to train 
in the gym and then flip 
that around into a 
positive situation …

I've gone back to the 
basics. Like bare bones, 
basics of let's get my 
body to move with just 
his body…

intro athleisure leggings/sports bra jackets fitness gear

1:550:00 6:19 11:23 13:34

Figure 1: Additional examples of videos with user-annotated chapters in VidChapters-7M:
Chapters depict visual events (e.g., the mini chicken burgers that appear in the second video),
conversations (see the last video), or events in the raw audio (e.g., the sound of the crinkly plastic bag
in the penultimate video) in various scenarios.
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running shoes.

1. nike nexus running shoe. 2. nike nexus running 
shoe.

3. nike nexus running shoe. 4. nike nexus 
running shoe.

5. nike nexus running 
shoe.

If you are looking for 
the best Nike running 
shoes, here is a 
collection you have got 
to see.

Number 1. Most 
Popular. Zoom 
Pegasus Turbo 2.  A 
souped-up, speed-
oriented version of the 
Pegasus, the Peg 
Turbo keeps the 
winning combo of 
Zoomex and React 
foams found in the 
first version.

Unfortunately, the new 
thin mesh upper has 
issues. Its minimal heel 
support means you 
have to cinch the laces 
down for a secure fit, 
but the tongue isn't 
thick or long enough to 
prevent the laces from 
causing irritation.

Number 2. Nike Men's 
Running Shoes.  The 
new trend in stability 
shoes is less 
interference, and the 
Infinity Run follows 
that principle by 
providing comfort, 
support, and a smooth 
ride without messing 
up your natural 
movement. […]

Number 3. On 
Women's CloudFlyer 
Running Shoes. 
Provide your foot with 
the cushion it deserves 
with the On 
CloudFlyer. Utilizing 
plush clouds built from 
zero-gravity foam and 
a wider CloudTek 
platform, this daily 
trainer provides 
supreme cushioning in 
a more stable package. 

In order to reduce over 
pronation, the shoe 
features firmer medial 
elements that redirect 
force to the lateral side 
of the runner's foot. 
Paired with an even 
stiffer speed board, the 
shoe promotes a 
quicker heel-to-toe 
transfer that helps get 
the runner through 
their pronated phase.

Number 5. Nike Men's 
Trail Running Shoes.  
Made of a breathable 
mesh upper and a 
sturdy EVA sole, these 
Quest running shoes 
from Nike should 
pretty much be a staple 
in every man's shoe 
closet. Fly-wire cables 
offer your feet a secure 
fit, while the soft yet 
responsive foam is 
supportive […]

Number 4. Nike 
Downshifter Men's 7 
Running Shoe. The 
Downshifter 7 
Running Shoes from 
Nike are designed to 
be lightweight, sturdy 
and durable, all the 
while providing you 
with optimum 
performance, making 
them a worthy 
investment. […]

Figure 2: Examples of video chapter generation using the Vid2Seq model with different input
modalities compared with ground-truth on the test set of VidChapters-7M. The first example
shows that the Vid2Seq variant with both speech and visual modalities "Vid2Seq (HTM+VC)" can
predict the structure of the input video without the ASR input, unlike the Vid2Seq speech-only variant
"Vid2Seq (HTM+VC, no vision)". The second example shows that the Vid2Seq variant with both
speech and visual modalities "Vid2Seq (HTM +VC)" can effectively leverage speech cues to detect
the names of the depicted and discussed shoes, unlike the Vid2Seq visual-only variant "Vid2Seq
(HTM+VC, no speech)".

C Additional data analysis of VidChapters-7M

We here complement the analysis of the data in VidChapters-7M provided in Section 3.3 of the main
paper. In Figure 4, we show a histogram of the most common chapter titles and word clouds1 of
the chapters titles and ASR content in VidChapters-7M. A few generic chapter titles that outline
the structure of the video (e.g., Intro, Introduction, Outro, Conclusion and Start) appear more than
10K times. Besides, we notice that many videos include chapters about Unboxing, Review, or Tips.
This is consistent with the fact that there are many vlogs and ’Howto’ videos in VidChapters-7M.
We also observe that the most common words in the ASR largely differ from the most common
words in the chapter titles, which further shows the difference between these two types of data. To
further measure the text-video alignment in the VidChapters-7M dataset, we compute the CLIP
cosine similarity between chapter titles and their corresponding video frames and plot the resulting
distribution in Figure 5. The average similarity score is 54.6%, and less than 1% of the chapters have
a visual-text similarity score below 30%. These statistics demonstrate a good video-text alignment in
the VidChapters-7M dataset.

1To generate the word clouds, we used https://github.com/amueller/word_cloud.
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mistake people tend to 
make is they pick the 
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they'll all cook at the 
same rate, and you 
won't get any weird 
little nasty hard bits in 
your potato.

Next comes a crucial 
step. You want to cook 
these potatoes until 
they are falling apart. 
Next comes a crucial 
step. You want to cook 
these potatoes until 
they are falling apart 
more than if you just 
put them in boiling 
water.

You want to salt the 
water because the salt 
starts to disintegrate 
the potatoes too. But 
the most important 
thing is that you really 
cook those potatoes 
about 25 minutes.

After you bring them 
to a boil, let them 
simmer long and slow 
until the edges start to 
fall off, and when you 
stick a knife in the 
middle, it just all falls 
apart. Drain the 
potatoes, and then put 
them right back into 
that hot pot and start to 
dry them
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So now it's time to 
finally add your cream 
or milk. You want to 
make sure it's warm so 
it doesn't cool down 
your potatoes, and the 
most important thing is 
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Figure 3: Examples of dense event captioning of the Vid2Seq model pretrained on VidChapters-
7M (vs. not pre-trained), compared with ground-truth, on the validation set of YouCook2.
We find that the model pretrained on VidChapters-7M "Vid2Seq (HTM+VC)" is more accurate and
less prone to hallucination. For instance, in the first example (top), the non-VC-pretrained model
"Vid2Seq (HTM)" predicts "Add red pepper sweet potatoes and water to the pan." before the sweet
potatoes are actually thrown into the pan. In the second example (bottom), the non-VC-pretrained
model "Vid2Seq (HTM)" predicts the event "Boil the potatoes in water." twice and predicts the event
"Add chives parsley and butter to the potatoes." before it actually happens. The VC-pretrained model
"Vid2Seq (HTM+VC)" produces more accurate predictions.

D Additional implementation details

In this Section, we present implementation details that complement the information provided in
Section 4 of the main paper. We discuss implementation details of our tagging protocol for ethical
considerations in Section D.1, models used for video chapter generation and dense video captioning
in Section D.2, models used for video chapter generation with ground-truth boundaries in Section D.3,
and models used for video chapter grounding in Section D.4.

D.1 Tagging for ethical considerations

In Section 3.3 of the main paper, we explained how we tag videos for ethical considerations. We here
give additional details about this procedure. For the NSFW visual content detector [11], we compute
the NSFW score at every frame (at 1 FPS) and tag videos with an average score above 0.5. For the
toxic content detection model [3], we compute the toxicity score at every chapter title / ASR sentence
and tag videos where the chapter titles / ASR have an average toxicity score above 0.5.
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(a) Most common chapter titles

(b) Word clouds of chapter titles.

(c) Word clouds of ASR.

Figure 4:Additional statistics of the VidChapters-7M dataset.
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