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In this supplemental material we show additional results and analysis of our framework for 3D texture
synthesis. We first demonstrate the capability of our system to learn a continuous latent texture
space when trained on a dataset consisting of diverse textures (Section[I)). Next, we present more
qualitative results that demonstrate the benefits of our approach compared to the system by Henzler
et al. [1]] and SinGAN [2]], a 2D synthesis technique (Sections 2J4). In Section [5] we tabulate the
network architectures of the convolutional neural networks used in our experiments. Finally, we
present detailed results from our user study and all the images used therein in Section 6]
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1 Latent space interpolation

Figure 1: Linear interpolation in latent space z. Top: first exemplar. Bottom: second exemplar.
Middle: interpolated result. First and last square in each strip correspond to resynthesized exemplars.



2 Qualitative comparisons

Figure 2: Single exemplar setting. Left: exemplar (top), ours (middle), Henzler et al. (bottom). Right:
ours (top), Henzler et al. (bottom). Note how our result is closer to the exemplar texture.
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